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core-periphery framework 
Abstract
Airbnb has emerged as a credible competitive threat to the hotel industry. 
Consequently, hotel brands are having to rethink the experiences they provide to 
customer in an increasingly competitive environment. Despite these trends in the 
industry, experience-related research that examines and informs these developments 
remains under-represented in the hospitality and tourism literature. The present study 
offers a systematic approach to examine the potential differences in experiential 
consumption in the accommodations industry. Using a multiple-group analysis 
approach, it examines the moderating effects of individual characteristics and 
situational factors on the nature and dynamics of experiential consumption in the 
accommodations industry. The findings of the study culminate in the core-periphery 
framework of the hospitality consumption experience that can provide a relevant 
theoretical lens for future research into the different sectors and types of experiences 
within the hospitality and tourism industry. The study also outlines important 
implications for the hotel industry’s strategic experience design initiatives, from the 
standpoint of product development, the segmentation, targeting and positioning (STP) 
process, and marketing communications.
Keywords: Experience; Experiencescape; Individual Characteristics; Situational 
Factors; Sharing Economy; Airbnb
21.  Introduction
The sharing economy is fast becoming a significant component of the 
accommodations industry. While companies like Airbnb have been around for some 
time, the company has more recently emerged as a credible competitive threat to the 
hotel industry. Buoyed by an exponential growth in supply, Airbnb’s listings have 
crossed the 4 million level (Airbnb Fast Facts, 2017), while its share of 
accommodation demand has increased to 4 percent (Haywood, Mayock, Freitag, 
Owoo, & Fiorilla, 2017). Moreover, while initially competing for the leisure traveler 
at the lower end of the market, Airbnb is increasingly taking homesharing to the 
mainstream by targeting upscale travelers with products like Airbnb Plus (Ting, 2018) 
and pushing for a greater share of the corporate travel market (“How Airbnb’s User 
Experience Can Reshape Corporate Travel Management,” 2017). Thus, in addition to 
competing with each other, hotel companies are likely to face growing competition 
from sharing economy providers across different consumer markets. Given its 
position as the world’s largest peer-to-peer accommodation service provider, Airbnb 
is the undoubtedly the largest sharing economy provider in the accommodations 
industry, and thus the focus of the present study
The hotel industry has responded to the growth of the sharing economy in the 
accommodations industry by shrugging off these alternative accommodation 
providers as a “fundamentally different business model,” serving a whole new set of 
customers, and thus not a direct competitor for the hotel industry (Trejos, 2016). 
However, research has highlighted accommodation providers in the sharing economy 
as a fast-growing substitute for traditional lodging (Wiles & Crawford, 2017), refuting 
the proposition that Airbnb operates in parallel with the conventional accommodation 
sector and thus does not “take a slice of the pie” (Guttentag, 2015). For example, 
3Guttentag and Smith (2017) found that nearly two-thirds of their sample had used 
Airbnb as a hotel substitute. Similarly, Hajibaba & Dolnicar (2017) found that 
Australian consumers considered peer-to-peer (P2P) networks as a substitute to 
established commercial accommodation providers; also, while providers at the lower 
price range are already under pressure from the sharing economy, higher-end hotels 
are likely to face increasing competition as P2P providers such as Airbnb take 
measures to make accommodation offered by them more attractive to this market. 
Thus, “as reluctant both the hotel industry and Airbnb might be to acknowledge each 
other’s similarities, their shared roots in hospitality can’t be denied” (Ting, 2016a), as 
evidenced by an increasing level of competition across a variety of customer 
segments. In fact, in terms of its experience provision, a company like Airbnb can be 
viewed as logical global extension of the boutique hotel concept. In view of these 
trends, the hotel industry must look to contend with the underlying experiential 
drivers of the popularity and growth of the sharing economy. Moreover, the industry 
must understand how different segments of consumers experience the sharing 
economy, and how these experiences compare with those that the industry provides. 
Currently, much academic research on the sharing economy focuses on the 
determinants of consumers’ (re-)purchase intention, valuation, and evaluation of 
service quality (Chen & Xie, 2017; Mao & Lyu, 2017; Pappas, 2017). However, 
research that focuses on the nature and dynamics of experiential consumption in the 
sharing economy as a component of the accommodations industry is missing. In 
particular, there remains the need for more sophisticated models of experiential 
consumption (Walls, Okumus, Raymond, & Kwun, 2011), and a better understanding 
of the factors of the sharing economy experience that create value for guests (Wiles & 
Crawford, 2017). 
4The present study builds on the work of  Mody, Suess, and Lehto (2017) and 
offers a systematic approach to examine the potential differences in experiential 
consumption in the accommodations industry. Using multiple-group analysis, it 
examines the moderating effects of a variety of segmentation variables—individual 
characteristics and situational factors (Walls et al., 2011a)—on The Accommodation 
Experiencescape and on the Model of Experiential Consumption developed by Mody 
et al. (2017). The authors address the following research questions in the context of 
the accommodations industry, which in the context of the present study, includes both 
hotels and sharing economy providers:
Research question 1: How do individual characteristics affect customers’ experience 
of the dimensions of the accommodation experiencescape?
Research question 2: How do trip situational factors affect customers’ experience of 
the dimensions of the accommodation experiencescape?
Research question 3: How do individual characteristics affect the ability of 
accommodation providers to create extraordinary, memorable experiential 
outcomes for customers?
Research question 4: How do trip situational factors affect the ability of 
accommodation providers to create extraordinary, memorable experiential 
outcomes for customers?
52. Literature review
2.1.   Airbnb as a competitive force in the accommodations industry
Airbnb’s increasing competitiveness as a generalist facilitator of short-term 
accommodation stems from the underlying nature of its business model, and how it 
creates value for both guests and hosts alike (Reinhold & Dolnicar, 2018a). 
Leveraging the power of indirect network effects, Airbnb has managed to increase its 
supply of listings by 100% year-over-year for the last ten years, thus exponentially 
growing both the volume and variety of its offerings. Relatedly, by deploying search 
algorithm optimization and machine learning to match queries with listings they are 
most likely to book, Airbnb helps guests find the best accommodation in line with 
their requirements for the type of accommodation, amenity availability, pricing, house 
rules, among others (Reinhold & Dolnicar, 2018b). Thus:
if tourists feel strongly about very specific features of their holiday 
accommodation not well aligned with standardized characteristics of 
commercial accommodation, peer-to-peer accommodation offers an attractive 
alternative, putting commercial providers under pressure either not to target 
these market segments or to take action to modify a subset of their offerings to 
satisfy those special requirements (Hajibaba & Dolnicar, 2018, p. 213)
In addition to competing for macro segments such as customers who seek out 
low-end accommodations or upscale hotels, peer-to-peer platforms such as Airbnb 
also facilitate more effective micro-segmentation, whereby given the millions of 
unique spaces that are available, if the guest takes the time to study the vast number of 
different accommodation options, they should be able to find a perfect match i.e. a 
place to stay that matches their preferences better than any accommodation offer 
6optimized for a market segment (Dolnicar, 2018). Thus, Airbnb can also better cater 
to the needs of under-represented segments that have very specific needs and 
requirements, such as the multi-family travel market (Hajibaba & Dolnicar, 2018), 
environmentalists (Juvan, Hajibaba, & Dolnicar, 2018), or guests with disabilities 
(Randle & Dolnicar, 2018).
Given the centrality of the experience to value creation in the accommodations 
industry, in the present study, the authors examine the differences in experiential 
consumption across a variety of customer segments. The findings have important 
implications for both traditional and alternative accommodation providers in their 
battle for customers who now have more choices than at any time in the past. 
 
2.2.  Experiential research in hospitality and tourism
Despite the uniquely experiential nature of hospitality and tourism services, there 
remains a dearth of systematic, theory-driven research and more sophisticated models 
of experiential consumption (Hwang & Seo, 2016). In addition, a large portion of 
studies in the domain of customer experience management (CEM) in the hospitality 
industry remains conceptual. It is posited that research on the role of brand-facilitated 
experiences and their influence on a variety of nomological outcomes (Khan & 
Rahman, 2017) can advance our understanding of the rapidly changing business 
environment in which hotels now operate.
Thus, in view of these two trends––the sharing economy’s challenge to the 
hotel industry along experiential factors, and the scope for more experience-related 
research in the literature—Mody et al. (2017) used Stimulus-Organism-Response 
(SOR) theory to examine the nature and dynamics of experiential consumption in the 
accommodations industry. Their study achieved two objectives. First, it expanded 
7Pine and Gilmore's (1998) seminal experience economy construct to an eight-
dimensional construct referred to as the accommodation experiencescape (Figure 1). 
The four new dimensions of localness, communitas, personalization, and serendipity 
were validated as contributing to the customer’s overall accommodation experience in 
the case of both hotels and Airbnb. 
Fig. 1. The accommodation experiencescape (Mody et al., 2017)
Second, these authors examined the ability of the accommodation experience 
to create extraordinary, memorable outcomes, which subsequently elicit favorable 
behavioral intentions. Their model of experiential consumption, presented in Figure 2, 
was successfully validated, with no significant differences across samples of 
customers who had stayed in a hotel or at an Airbnb. Thus, their findings indicate 
theoretical invariance in experiential consumption across the two types of 
accommodation provision, which enables future researchers to combine samples and 
examine the accommodations industry holistically. The present study does this and 
builds on Mody et al.’s (2017) findings to systematically examine whether and how 
various segments of customers differ in their experience of the various dimensions of 
8the accommodation experiencescape presented in Figure 1, and in the relationships 
depicted in the model of experiential consumption presented in Figure 2.     
Fig. 2. Model of experiential consumption in the accommodations industry (Mody et 
al., 2017)
2.3.  Segmentation and experiential consumption in the accommodations industry: the 
effects of individual characteristics and situational factors   
Walls et al. (2011a) devised a framework to depict the composition of 
hospitality and tourism experiences, in which they identified two components: the 
core experience that comprises the nature and dynamics of experiential consumption, 
which, in the context of the present study, is represented in Figures 1 and 2, and the 
periphery that includes a number of factors that affect consumer experiences. These 
peripheral factors “play a diverse and ever-changing role as consumer experiences 
transpire” and “may have a modest or significant impact on the consumer experience 
components, making each individual’s experience distinctly unique” (p. 17). Of the 
four types of peripheral factors identified by Walls et al. (2011a), individual 
characteristics and situational factors are those that are usually outside the control of 
the business entity; however, investigating their effects can help businesses 
9understand why some consumers are more impacted than others when they encounter 
the identical consumption experience. In a recent study on the sharing economy, Poon 
and Huang (2017) examined the effects of individual and trip characteristics (which 
they referred to as tripographics) on customers’ intentions to use Airbnb i.e. on their 
likelihood to choose Airbnb over hotels. While their research did not examine the 
impact of these peripheral factors on the core, brand-facilitated experiences in the 
accommodations industry—which is the objective of the present study—it clearly 
demonstrates the value of such an endeavor (Uysal, Sirgy, Woo, & Lina, 2016). Thus, 
the present study examines the effects of a number of important individual and 
situational segmentation variables on the accommodation consumption experience 
identified by Mody et al. (2017).  
2.4.   Individual characteristics
Markets consist of buyers who differ in one or more ways. The process of 
segmentation enables marketers to identify consumers with similar needs or 
characteristics, following which they can design separate marketing programs for 
each group of consumers. Of the four types of segmentation criteria typically 
identified in the marketing literature––geographic, demographic, psychographic and 
behavioral—the demographic criteria of gender, age, income, and education have 
drawn much attention in the hospitality and tourism literature, and are thus included 
in the present study as the individual characteristics of interest (Chi, 2011). In 
addition, given the importance of understanding the psychographic characteristics of 
consumers in an accommodations industry that includes the sharing economy, the 
authors used Plog’s (2001) psychographic model as a measure of travel personality 
and examined its effects on the nature and dynamics of experiential consumption 
10
(Poon & Huang, 2017). The following sections explain the rationale for including 
these specific individual characteristics as segmentation variables in the present study. 
2.4.1. Gender
The hospitality and tourism industry is fast recognizing women as an 
important market segment. Hotels are thus targeting female travelers with specific 
design and experience-related offerings. For example, Kimpton hosts wine receptions 
for women travelers in its hotels, adding an element of serendipity through a 
complimentary glass of wine, and the opportunity to socialize with other women 
travelers (communitas) (“Women Travelers: A stay that suits your style,” n.d.). 
Similarly, female business travelers are on the radar of alternative accommodation 
providers such as Airbnb, whose initiatives such as Business Travel Ready bolster the 
sense of security and comfort for the woman traveler (Oates, 2016). While there is the 
recognition that men and women participate in and experience hospitality and tourism 
differently, as both producers and consumers, there remains a dearth of research that 
examines the role of gender from an experiential perspective (Knutson, Beck, Kim, & 
Cha, 2008). Thus, building on Mody et al.’s (2017) research, the authors hypothesize:
H1a: Customers’ experiences of the dimensions of the accommodation 
experiencescape (Figure 1) differ based on gender.
H1b: The structural paths in the model of experiential consumption in the 
accommodation industry (Figure 2) differ based on gender.
2.4.2. Age
The rise of the millennial traveler has been well documented. Millennials are 
expected to soon surpass Boomers in overall travel spending. Thus, hotels, booking 
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sites and destination marketing organizations (DMOs) are retooling their product, 
branding, and communication methods to cater to the needs to the Millennial traveler 
(Oates, 2014a). In addition, Millennials are also often credited with the growth of 
alternative accommodation, since they are viewed as the ideal target market for the 
unique, spontaneous, and personalized experiences afforded by the sharing economy 
(Schaal, 2014). However, while much research in the hospitality and tourism 
literature on the Millennials has investigated their distinctiveness as employees, there 
remains a dearth of research that examines the Millennial customer, particularly from 
an experiential perspective (Nyheim, Xu, Zhang, & Mattila, 2015). Thus, building on 
Mody et al.’s (2017) research, the authors hypothesize:
H2a: Customers’ experiences of the dimensions of the accommodation 
experiencescape (Figure 1) differ based on age.
H2b: The structural paths in the model of experiential consumption in the 
accommodation industry (Figure 2) differ based on age.
2.4.3. Income
Leisure experiences in hospitality and tourism are highly discretionary in 
nature. The heterogeneity of individuals and households in allocating discretionary 
funds to the industry has significant implications for businesses in their identification 
of market segments most suitable for the product category offered (Dolnicar et al., 
2008). Some businesses are becoming increasingly adept at identifying and marketing 
to customers based on their income levels. For example, Norwegian Cruise Line 
offers a “ship within a ship” experience called the Haven, which allows about 275 
elite guests to enjoy exclusive services such as a concierge and 24-hour butler service, 
a private pool, sun deck and restaurant, priority seating for shows and de-boarding, 
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among others, heightening their experiences of escapism in The Velvet Rope Economy 
(Schwartz, 2016). Thus, building on Mody et al.’s (2017) research, the authors 
hypothesize:
H3a: Customers’ experiences of the dimensions of the accommodation 
experiencescape (Figure 1) differ based on income.
H3b: The structural paths in the model of experiential consumption in the 
accommodation industry (Figure 2) differ based on income.
  
2.4.4. Education
In the hospitality and tourism literature, the customer’s education level has 
primarily been used as a demographic profiling variable. For example, McKercher 
(2008) found that Hong Kong residents who traveled to urban destinations further 
from home were better educated than those who traveled to nearer destinations. In the 
context of the sharing economy, Cansoy and Schor (2016) identified the presence of a 
homophily in which highly educated guests who use Airbnb are willing to pay a 
premium to stay with someone “like themselves” in a location where they feel at 
home (communitas). While it is been acknowledged that customers’ education levels 
influence their experience of hospitality and tourism, there is a need for research that 
examines the role of this variable in view of the changing experiential dynamics of 
the accommodations industry. Thus, building on Mody et al.’s (2017) research, the 
authors hypothesize:
H4a: Customers’ experiences of the dimensions of the accommodation 
experiencescape (Figure 1) differ based on education.
H4b: The structural paths in the model of experiential consumption in the 
accommodation industry (Figure 2) differ based on education.
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2.4.5. Travel personality
Plog’s (2001) psychographic model is one of the most well-known 
measurements of travel personality. According to the model, tourists can be classified 
along a continuum, ranging from the psychocentrics—who are inhibited, nervous, and 
non-adventurous, and prefer the familiar in vacation travel destinations—to the 
allocentrics, who tend to be self-confident and intellectually curious, and have a 
strong desire to explore (Mody, Gordon, Lehto, & Adler, 2017). Most applications of 
Plog’s work have been conducted in the context of tourism attractions or destinations. 
However, Magnini, Honeycutt, and Hodge (2003) have argued for Plog’s 
psychographic model to be included as a time-tested input into hotel data mining 
systems. In an application in the context of the accommodations industry, Poon and 
Huang (2017) found that respondents who were more allocentric were more likely to 
use Airbnb. In the context of the present study, Plog’s model is not used as a predictor 
of customers’ accommodation preferences, rather as a moderator of the nature and 
dynamics of their experiential consumption in the accommodations industry. 
Specifically, the authors hypothesize:
H5a: Customers’ experiences of the dimensions of the accommodation 
experiencescape (Figure 1) differ based on their travel personality.
H5b: The structural paths in the model of experiential consumption in the 
accommodation industry (Figure 2) differ based on their travel personality.
2.5.  Situational factors
In the context of the hospitality and tourism experience, situational factors include 
trip-related characteristics that influence the nature of the trip and subsequently the 
traveler’s willingness to recognize staged experience elements (Walls et al., 2011a). 
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The present study examines the effects of the situational factors of customer 
involvement, length of stay, price, travel party composition, and previous experience 
with brand on the nature and dynamics of experiential consumption in the 
accommodations industry. The following sections explain the rationale for including 
these specific situational factors as segmentation variables in the present study.
2.5.1.  Customer involvement
Pine and Gilmore’s (1998) original conceptualization of the experience 
economy included the notion of involvement. Customer involvement in hospitality 
and tourism experiences has primarily been operationalized as a one-dimensional 
construct, and is defined as “the level of importance and/or relevance a customer 
attributes to an object, an action, or an activity and the enthusiasm and interest they 
can generate” (Hosany & Witham, 2010, p. 361). In a study of amateur golfers, 
Hwang and Lyu (2015) found that the level of customer involvement had a significant 
moderating effect on the relationship between well-being perception and brand 
identification. Moreover, marketers are realizing the potential for customer 
involvement to facilitate higher order customer engagement through personalized 
experiences (Chathoth, Ungson, Harrington, & Chan, 2016). For example, Airbnb is 
increasingly facilitating experiences that leverage the “active” dimensions of 
education, localness, and communitas, and thus looking to involve the customer at a 
deeper and more meaningful level in the accommodation experience (Ting, 2016b). 
Thus, building on Mody et al.’s (2017) research, the authors hypothesize:
H6a: Customers’ experiences of the dimensions of the accommodation 
experiencescape (Figure 1) differ based on their level of involvement.
H6b: The structural paths in the model of experiential consumption in the 
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accommodation industry (Figure 2) differ based on their level of involvement.
2.5.2.  Length of stay
Neal, Uysal, and Sirgy (2007) established the moderating effect of length of 
stay on the relationship between customers’ experience of various dimensions of the 
vacation experience (trip reflections) and their overall satisfaction with travel/tourism 
services, which subsequently had an upward spillover effect into higher order life 
domains. Similarly, Richards (2002) identified a relationship between length of stay 
and the types of attractions that tourists visit: those who stay longer have more time 
available to explore the destination, and are thus more likely to search for and 
experience less well-known attractions than those staying a shorter time. This would 
potentially result in a different experience of the various dimensions of the experience 
economy, specifically localness and serendipity, and different experiential outcomes. 
Thus, building on Mody et al.’s (2017) research, the authors hypothesize:
H7a: Customers’ experiences of the dimensions of the accommodation 
experiencescape (Figure 1) differ based on length of stay.
H7b: The structural paths in the model of experiential consumption in the 
accommodation industry (Figure 2) differ based on length of stay.
2.5.3.  Price
Price is an important situational moderator that influences experiential 
consumption in the hospitality and tourism industry. The customer in the experience 
economy judges the experience against its price (Andersson, 2007). For example, Ryu 
and Han (2010) established the moderating effect of perceived price on the 
relationship between customers’ experience of quick-casual restaurants and their 
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satisfaction and behavioral intention. Given the unprecedented range of differentiated 
accommodation––a US$15 per night spot on the couch to an $8,000 per night 
mansion––offered by sharing economy providers such as Airbnb (Wright, 2016), and 
the hotel industry’s provision of a variety of experiences across different price points 
through its multi-brand strategy (Zhang, Cai, & Kavanaugh, 2008), the present study 
builds on Mody et al.’s (2017) research to hypothesize:
H8a: Customers’ experiences of the dimensions of the accommodation 
experiencescape (Figure 1) differ based on price.
H8b: The structural paths in the model of experiential consumption in the 
accommodation industry (Figure 2) differ based on price.
2.5.4. Travel party composition
Existing research in hospitality and tourism points to the moderating effect of 
travel party composition on experiential consumption. Travel party composition 
factors influence behavior in terms of the customer’s search and use of information, 
the decision to partake in certain experiences over others, perceptions and evaluations 
of specific destinations and events, and the overall evaluation of the destination 
experience (Poon & Huang, 2017). For example, in a study of luxury hotel guests, 
Walls, Okumus, Wang, and Kwun (2011) found the nature of the travel party to be an 
important situational moderator of customers’ perceptions of the various experience 
dimensions. In this regard, Wang (2004) highlights travel with family as a source of 
inter-personal authenticity, whereby travel serves as a platform to reinforce a sense of 
authentic togetherness and an authentic “we-relationship”––a manifestation of 
communitas. Thus, building on Mody et al.’s (2017) research, the authors 
hypothesize:
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H9a: Customers’ experiences of the dimensions of the accommodation 
experiencescape (Figure 1) differ based on travel party composition.
H9b: The structural paths in the model of experiential consumption in the 
accommodation industry (Figure 2) differ based on travel party composition.
 
2.5.5. Previous experience with brand
Researchers in hospitality and tourism have identified the importance of 
understanding the differences between first time and repeat users of a product or 
service. For example, Jin, Lee, and Lee (2015) found significant differences between 
new and repeat visitors in terms of the effects of the dimensions of the water park 
experience on visitors’ satisfaction. While the psychological mechanisms through 
which past behavior provides continuity to future experiences and behavior have been 
well-established, in a hospitality and travel context, prior experience invokes different 
demands and requirements unique to the repeat customer; thus knowledge about 
changes in experience and behavior associated with the accumulation of prior 
experience can be instrumental for businesses seeking to provide creative, relevant, 
and meaningful experiences to their different market segments (Lehto, O’Leary, & 
Morrison, 2004). Thus, building on Mody et al.’s (2017) research, the authors 
hypothesize:
H10a: Customers’ experiences of the dimensions of the accommodation 
experiencescape (Figure 1) differ based on their previous experience with the brand.
H10b: The structural paths in the model of experiential consumption in the 
accommodation industry (Figure 2) differ based on their previous experience with the 
brand.
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3. Methodology
3.1.  Data collection
The sample for the study was drawn from an extensive database provided by 
online research company Qualtrics. The sample was self-selected to be part of both 
the Qualtrics panel and the present study. Under this model of sample selection, 
Qualtrics sends a link to the survey to its panel members without revealing the subject 
of the study before they enter the survey, which helps minimize self-selection bias. 
Moreover, Qualtrics randomly assigns respondents to a survey that they will likely 
qualify for based on their responses to periodic refinement questions that enable better 
targeting. This helps further minimize self-selection bias and ensure that non-response 
is more of a random event versus a systematic event compared to more traditional 
sample platforms. Since the purpose of the study was to compare and contrast 
customers’ experiences of hotels and Airbnb, the authors separately surveyed 
individuals who had stayed at least one night at a hotel or an Airbnb for the purpose 
of leisure in the last three months. A total of 630 usable responses were collected: 315 
each from hotel and Airbnb customers. To enhance representativeness, the sample 
was collected from across forty-five of the fifty states. 
3.2.  Measurement
All items pertaining to the core experience represented in Figures 1 and 2, 
were measured on a 7 point Likert scale, where 1 = Strongly Disagree and 7 = 
Strongly Agree (for the exact wording of the items used to measure the various 
constructs, see Mody et al., 2017). The five individual characteristics—gender, age, 
income, education, and travel personality—and the five situational moderators—
customer involvement, length of stay, price, travel party composition, and previous 
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experience with brand—were measured using relevant categories and subsequently 
converted into evidence-based dummy variables to enable multiple-group analysis. 
The measurement of the individual characteristics and situational moderators is 
presented in Appendix A. As evident, we used a priori or commonsense segmentation 
(Dolnicar, 2004) to create the groups based on the various moderators.
3.3.  Analysis
As the first step in analyzing the data, one-way ANOVAs were conducted to 
compare the performance of the accommodations industry on the various experience 
economy dimensions represented in Figure 1, between the segments created by the ten 
moderators. This allowed the authors to examine how individual characteristics and 
situational factors affect the nature of experiential consumption in the 
accommodations industry i.e. customers’ experience of the dimensions of the 
experience economy, and thus address the study’s first and second research questions. 
Second, multiple-group modeling was used to conduct a CFA for the model of 
experiential consumption in Figure 2, individually for each of the ten moderating 
variables: five multiple-group models based on individual characteristics and five 
models based on situational factors. In addition to testing for the validity and 
reliability of the various constructs in the models, the CFA was used to test for 
measurement invariance as a precursor to the third step of multiple-group SEM, 
which allowed the authors to understand how individual characteristics and situational 
factors affect the dynamics of customers’ experiential consumption in the 
accommodations industry. The authors used pair-wise parameter comparisons to 
determine whether any of structural parameters were significantly different between 
the segments created by the various moderators, thus addressing the study’s third and 
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fourth research questions. Multiple measures suggested by Hair et al. (2010) were 
used to assess the fit between both the measurement and structural components of the 
models and the data, including chi-square (χ2), normed chi-square (χ2/df), 
comparative fit index (CFI), Tucker Lewis index (TLI), root mean square error of 
approximation (RMSEA), and standardized root mean square residual (SRMR). 
To reiterate, the procedures described above were used to test the moderating 
effects of the individual characteristics and situational factors on the accommodation 
experiencescape (Figure 1) and the model of experiential consumption (Figure 2), in 
the context of the accommodations industry, defined in the present study to include 
both hotels and sharing economy providers. The holistic examination of the 
accommodations industry by combining the hotel and Airbnb samples follows from 
Mody et al.’s (2017) finding of theoretical invariance, whereby they found no 
significant differences in the dynamics of experiential consumption across customers 
who had stayed in a hotel or at an Airbnb.
4. Results
4.1. Sample profile
The profile of the respondents is presented in Table 1. Table 1 indicates the 
split of the overall sample into the groups created by the various individual 
characteristics and situational factors. The sample is qualitatively consistent with that 
of So, Oh, and Min (2018), which in addition to its geographic representativeness, 
indicates that it adequately captures the perspective of the general consumer with 
recent travel experience with one of the two accommodation options under 
consideration: hotels or Airbnb. Moreover, while So et al. (2018) and other studies on 
Airbnb by Guttentag and colleagues (Guttentag & Smith, 2017; Guttentag, Smith, 
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Potwarka, & Havitz, 2018) have sampled those who traveled within the last twelve 
months, we included a stronger recency measure for our sample i.e. those who had 
traveled within the last three months. This ensured that respondents’ travel memories 
were more recent and thus more vivid, enhancing the suitability of our survey to the 
sample.
Table 1.
Respondent profile: overall sample split by moderators
Moderating variable Sample size(n = 630) %
Individual characteristics
Gender
  Female 316 50.2
  Male 314 49.8
Age
  Millennials 239 37.9
  Older 391 62.1
Income
  Higher income (≥ $75,000) 342 54.3
  Lower income (< $75,000) 288 45.7
Education
  College degree 428 67.9
  No college degree 202 32.1
Travel personality
  Allocentric 301 47.8
  Psychocentric 329 52.2
Situational factors
Customer involvement
  High involvement 337 53.5
  Low involvement 293 46.5
Length of stay
  Longer Stay (3 or more nights) 386 61.3
  Shorter Stay (1 or 2 nights) 244 38.7
Price 
  Higher price (at least $130) 316 50.2
  Lower price (less than $130) 314 49.8
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Travel party composition 
  With family 203 32.2
  Without family 427 67.8
Previous experience
  More experience (4 or more times) 284 45.1
  Less experience (1-3 times) 346 54.9
4.2.  One-way ANOVAs
As the first step in moderation testing, the authors used one-way ANOVAs to 
compare the performance of the accommodations industry on the various experience 
economy dimensions represented in Figure 1, between the segments created by the 
various moderators. The mean scores were calculated as the average of the three items 
used to measure each construct. The authors also compared the other dimensions that 
comprise the Organism and Response components of Mody et al.’s (2017) model of 
experiential consumption, namely Meaningfulness, Well-being, Memorability, and 
Behavioral Intentions. To account for inflated Type 1 errors due to multiple 
comparisons within each moderator, the authors used Bonferroni-corrected 
significance levels to determine whether the pairwise comparisons were truly 
significant (McDonald, 2014). 
 Tables 2 and 3 present the results of this comparison for the individual 
characteristics and situational factors respectively. Sample sizes for each segment are 
indicated in parentheses, below the specific segments. Cronbach’s α values for all 
constructs across the various segments are indicated in parentheses, below the means. 
These values ranged from .81 to .93 across the various segments, well above the 
recommended .70 level (Nunnally & Bernstein, 1994), indicating high internal 
consistency between the items measuring the various constructs.
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Table 2
Performance on experience economy dimensions: moderated by individual characteristics.
Individual characteristics Gender Age Income Education Travel personality
Experience economy 
dimensions
Female
(n= 316)
Male
(n = 314) F
Millennials
(n= 239)
Older
(n= 391) F
Higher 
income
(n= 342)
Lower 
income
(n= 288)
F
College 
degree
(n= 428)
No college 
degree
(n= 202)
F Allocentric(n= 301)
Psychocentric
(n= 329) F
Entertainment
5.71 
(α = .89)
5.72
(α = .87)
.00
5.67 
(α = .87)
5.79 
(α = .89)
1.66
5.70
(α = .90)
5.73
(α = .92)
.17
5.65
(α = .85)
5.93
(α = .85)
7.46
6.13
(α = .89)
5.34
(α = .85)
89.17b
Education
5.05 
(α = .86)
5.19
(α = .89)
1.48
4.94 
(α = .87)
5.41 
(α = .92)
17.96b 5.15
(α = .85)
5.09
(α = .91)
.31
5.08
(α = .82)
5.26
(α = .87)
2.09
5.79
(α = .87)
4.50
(α = .83)
184.80b
Escapism
5.08 
(α = .86)
5.23
(α = .83)
1.71
5.02 (α = 
.85)
5.39 
(α = .87)
10.39b 5.21
(α = .87)
5.10
(α = .83)
1.02
5.12
(α = .85)
5.26
(α = .89)
1.12
5.80
(α = .90)
4.56
(α = .85)
146.15b
Esthetics
5.52 
(α = .88)
5.47
(α = .83)
.29
5.41 (α = 
.86)
5.63 
(α = .89)
5.05
5.48
(α = .91)
5.51
(α = .89)
.11
5.42
(α = .83)
5.74
(α = .84)
8.57b 5.96
(α = .84)
5.07
(α = .85)
103.28b
Serendipity
5.32 
(α = .84)
5.38
(α = .89)
.41
5.19 (α = 
.82)
5.60 
(α = .86)
17.23b 5.34
(α = .88)
5.36
(α = .82)
.04
5.29
(α = .88)
5.55
(α = .85)
5.56
5.96
(α = .85)
4.80
(α = .88)
185.17b
Localness
5.34 
(α = .86)
5.41
(α = .91)
.53
5.30 (α = 
.86) 
5.50 
(α = .88)
3.62
5.41
(α = .88)
5.33
(α = .86)
.62
5.32
(α = .87)
5.53
(α = .83)
3.03
5.96
(α = .83)
4.83
(α = .86)
152.66b
Communitas
4.83 
(α = .88)
5.11
(α = .85)
5.89
4.80 (α = 
.88)
5.25 
(α = .89)
15.07b 5.05
(α = .88)
4.88
(α = .85)
2.03
4.92
(α = .86)
5.14
(α = .86)
2.78
5.66
(α = .90)
4.33
(α = .84)
166.55b
Personalization
5.29 
(α = .91)
5.40
(α = .87)
1.11
5.19 (α = 
.89)
5.59 
(α = .93)
15.07b 5.35
(α = .86)
5.34
(α = .88)
.02
5.28
(α = .89)
5.55
(α = .85)
5.31
5.93
(α = .90)
4.80
(α = .84)
154.93b
Meaningfulness
5.12 
(α = .87)
5.37
(α = .88)
6.14
5.08 (α = 
.88)
5.51 
(α = .90)
16.78b 5.28
(α = .84)
5.21
(α = .81)
.40
5.20
(α = .90)
5.39
(α = .87)
2.59
5.86
(α = .86)
4.67
(α = .88)
170.17b
Well-being
5.39 
(α = .92)
5.47
(α = .90)
.62
5.30 (α = 
.89)
5.66 
(α = .91)
11.83b 5.44
(α = .89)
5.43
(α = .85)
.02
5.37
(α = .89)
5.63
(α = .85)
4.63
6.00
(α = .92)
4.91
(α = .89)
141.88b
Memorability
5.66 
(α = .86)
5.65
(α = .86)
.00
5.55 (α = 
.83)
5.81 
(α = .90)
7.26
5.66
(α = .84)
5.64
(α = .88)
.04
5.59
(α = .90)
5.84
(α = .88)
5.26
6.16
(α = .89)
5.19
(α = .90)
133.81b
Behavioral intentions
6.09 
(α = .87)
6.11
(α = .85)
.07
6.10 (α = 
.89)
6.10 
(α = .92)
.00
6.13
(α = .85)
6.07
(α = .89)
.53
6.06
(α = .84)
6.24
(α = .88)
3.37
6.45
(α = .90)
5.78
(α = .89)
71.48b
bBonferroni-corrected significant differences highlighted in bold
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Table 3
Performance on experience economy dimensions: moderated by situational factors.
Situational factors Customer involvement Length of stay Price Travel party composition Previous experience with brand
Experience economy 
dimensions
High 
involvement
(n= 337)
Low 
involvement
(n= 293)
F
Longer 
stay
(n= 386)
Shorter 
stay
(n= 244)
F
Higher 
price
(n= 316)
Lower 
price
(n= 314)
F
With 
family
(n= 203)
Without 
family
(n= 427)
F
More 
experience
(n= 284)
Less 
experience
(n= 346)
F
Entertainment
6.29
(α = .84)
5.05
(α = .90)
287.61b 5.81
(α = .87)
5.57
(α = .88)
6.76
5.79
(α = .91)
5.64
(α = .87)
3.09
5.86
(α = .88)
5.65
(α = .87)
5.02
5.88
(α = .83)
5.58
(α = .89)
11.65b
Education
5.98
(α = .85)
4.13
(α = .89)
524.67b 5.37
(α = .86)
4.73
(α = .92)
34.10b 5.25
(α = .87)
4.99
(α = .89)
5.85
5.41
(α = .87)
4.98
(α = .85)
13.93b 5.34
(α = .88)
4.94
(α = .93)
13.55b
Escapism
6.01
(α = .88)
4.18
(α = .87)
434.85b 5.33
(α = .90)
4.88
(α = .87)
15.18b 5.29
(α = .86)
5.03
(α = .92)
5.23
5.52
(α = .86)
4.98
(α = .86)
20.32b 5.41
(α = .87)
4.95
(α = .84)
16.06b
Esthetics
6.15
(α = .88)
4.74
(α = .85)
341.41b 5.61
(α = .88)
5.31
(α = .82)
9.91b 5.59
(α = .88)
5.39
(α = .82)
4.58
5.67
(α = .88)
5.41
(α = .86)
6.80
5.66
(α = .86)
5.36
(α = .87)
10.18b
Serendipity
6.04
(α = .90)
4.56
(α = .83)
362.59b 5.50
(α = .85)
5.11
(α = .91)
16.00b 5.46
(α = .88)
5.24
(α = .84)
4.89
5.58
(α = .90)
5.24
(α = .89)
10.86b 5.57
(α = .84)
5.17
(α = .88)
16.53b
Localness
6.11
(α = .87)
4.53
(α = .85)
385.25b 5.58
(α = .88)
5.04
(α = .87)
28.26b 5.52
(α = .90)
5.23
(α = .86)
7.90
5.56
(α = .91)
5.28
(α = .85)
6.46
5.59
(α = .89)
5.19
(α = .86)
15.62b
Communitas
5.86
(α = .83)
3.95
(α = .86)
473.71b 5.21
(α = .85)
4.60
(α = .86)
27.77b 5.12
(α = .83)
4.82
(α = .89)
7.14
5.39
(α = .88)
4.77
(α = .85)
25.59b 5.26
(α = .85)
4.73
(α = .85)
21.60b
Personalization
6.09
(α = .85)
4.49
(α = .87)
416.71b 5.49
(α = .87)
5.12
(α = .85)
13.08b 5.42
(α = .86)
5.27
(α = .90)
2.31
5.65
(α = .85)
5.20
(α = .86)
17.88b 5.55
(α = .84)
5.18
(α = .87)
13.40b
Meaningfulness
6.05
(α = .87)
4.32
(α = .84)
512.54b 5.46
(α = .86)
4.91
(α = .85)
28.55b 5.39
(α = .85)
5.10
(α = .84)
8.20b 5.69
(α = .83)
5.03
(α = .86)
37.10b 5.48
(α = .88)
5.05
(α = .86)
18.05b
Well-being
6.20
(α = .88)
4.55
(α = .83)
449.73b 5.61
(α = .88)
5.15
(α = .87)
19.52b 5.58
(α = .84)
5.29
(α = .89)
8.34b 5.73
(α = .85)
5.29
(α = .88)
16.99b 5.67
(α = .85)
5.24
(α = .87)
18.61b
Memorability
6.34
(α = .87)
4.87
(α = .92)
415.87b 5.83
(α = .89)
5.38
(α = .84)
22.52b 5.81
(α = .85)
5.50
(α = .90)
11.17b 5.88
(α = .89)
5.55
(α = .89)
11.47b 5.79
(α = .83)
5.54
(α = .86)
7.01
Behavioral 
intentions
6.53
(α = .84)
5.60
(α = .89)
148.87b 6.12
(α = .87)
6.06
(α = .89)
.51
6.13
(α = .89)
6.07
(α = .89)
.67
6.21
(α = .87)
6.05
(α = .91)
3.29
6.32
(α = .86)
5.92
(α = .87)
23.85b
bBonferroni-corrected significant differences highlighted in bold
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For the individual characteristic moderators, there were statistically significant 
differences between the segments created by age, education, and travel personality. In 
terms of age, it was interesting to note that older consumers rated their experience of 
nine out of the thirteen dimensions higher than did the Millennials. In terms of 
education, those without a college degree experienced the dimensions of 
entertainment, esthetics, serendipity, personalization, well-being, and memorability 
more than those with a college degree. The two travel personality segments had the 
highest number of statistically significant differences among the individual 
characteristics; the allocentrics experienced all dimensions to a significantly greater 
degree than the psychocentrics. Thus, hypotheses 2a, 4a, and 5a were supported, while 
hypothesis 1a and 3a were not supported by the findings of the study. 
There were more and larger differences between the segments created by the 
various situational moderators. Customers who were more involved perceived a 
significantly greater experience of all thirteen dimensions than those who were less 
involved. Those who stayed longer differed significantly from those who stayed for a 
shorter duration on all dimensions except behavioral intentions. Customers who paid 
a higher price per night for their accommodation also experienced ten out of the 
thirteen dimensions to a greater extent than those who paid less. It is plausible that the 
higher-priced accommodation providers facilitate more elaborate experiences that 
incorporate a larger number of dimensions and to a greater degree than lower-priced 
accommodation providers. Those who traveled with family had a greater experience 
of all dimensions, except for their behavioral intentions, which were the same as for 
those who traveled with their spouses, friends, others, or alone. Finally, those with 
more previous experience with the brand (hotel/Airbnb) experienced the various 
dimensions and other experiential outcomes to a greater degree than those with less 
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previous experience with the brand. Thus, all five hypotheses pertaining to the 
dimensions of the experience economy and the situational factors—6a, 7a, 8a, 9a, and 
10a—were supported by the findings of the study.       
4.3.  CFA and measurement invariance testing
As the second step in moderating testing, multiple-group modeling was used 
to conduct a CFA for the model of experiential consumption in Figure 2, moderated 
by each of the ten variables: the five individual-characteristic moderators and five 
situational moderators. As in Mody et al.’s (2017) study, the dimensions of the 
experience economy (the accommodation experiencescape from Figure 1) and the 
construct of extraordinary outcomes were modeled as second-order reflective 
constructs. While the scales indicated high reliability (Cronbach’s α), as previously 
discussed, the authors also checked for the validity of the ten CFA models. All items 
loaded on to their respective constructs with high and significant (p = 0.000) 
standardized factor loadings that ranged from 0.668 to 0.927 across the ten models, 
indicating convergent validity. The average variance extracted (AVE) for each 
construct in the ten models was higher than 0.50, further demonstrating convergent 
validity, and greater than the squared correlations between paired constructs, thus 
demonstrating discriminant validity across the ten models [validity results for the ten 
individual models have not been presented to maintain brevity]. 
Prior to testing for structural differences between the groups created by the ten 
moderators using pair-wise parameter comparisons, the authors followed Chen, 
Sousa, and West's (2005) recommendations for testing measurement invariance of 
second-order factor models; the authors tested for the configural and metric 
invariance of the models created by the various moderators. To test for configural 
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invariance, the two groups created by each moderator are tested together and freely, 
and configural invariance is established if the resultant model for that moderator 
indicates acceptable fit to the data. To test for metric invariance, all the first and 
second-order factor loadings are constrained to be equal across groups. The fit of the 
resultant model is then compared with that of the configural model; the lack of a 
significant difference in chi-square establishes metric invariance. Table 4 presents the 
results of the testing for measurement invariance. In the case of the χ2 statistic, the 
authors indicate the results of the significance test (p) between the configural 
invariant (baseline) model and the metric invariant model in which the factor loadings 
are set to equal across the two segments for each moderator. For the other fit 
statistics—CFI, TLI, RMSEA, and SRMR—the differences between the two models 
are presented (Δ fit) in place of the significance test.   
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Table 4
Measurement invariance tests: fit indices.
Individual characteristics
Gender Age Income Education Travel personality
Fit indices
Configural 
invariant model 
(df = 1156)
Metric 
invariant 
model (df 
= 1180)
p/Δ fit
Configural 
invariant model 
(df = 1156)
Metric 
invariant 
model (df 
= 1180)
p/Δ fit
Configural 
invariant 
model (df = 
1156)
Metric 
invariant 
model (df = 
1180)
p/Δ fit
Configural 
invariant 
model (df = 
1156)
Metric 
invariant 
model (df 
= 1180)
p/Δ fit
Configural 
invariant 
model (df = 
1156)
Metric 
invariant 
model (df = 
1180)
p/Δ fit
χ2 3442.52 3485.85 .009 3414.94 3450.43 .062 3388.70 3414.40 .369 3409.10 3429.35 .682 3340.33 3372.12 .132
CFI .900 .899 -.001 .900 .899 -.001 .902 .902 .000 .901 .901 .000 .897 .897 .000
TLI .891 .893 .002 .891 .893 .002 .894 .896 .002 .892 .894 .002 .888 .887 -.001
RMSEA .056 .056 .000 .056 .055 -.001 .055 .055 .000 .056 .055 -.001 .055 .054 -.001
SRMR .053 .054 .001 .059 .060 .001 .054 .054 .000 .051 .051 .000 .074 .075 -.001
Situational factors
Customer involvement Length of stay Price Travel party composition Previous experience with brand
Fit indices
Configural 
invariant model 
(df = 1156)
Metric 
invariant 
model (df 
= 1180)
p/Δ fit
Configural 
invariant model 
(df = 1156)
Metric 
invariant 
model (df 
= 1180)
p/Δ fit
Configural 
invariant 
model (df = 
1156)
Metric 
invariant 
model (df = 
1180)
p/Δ fit
Configural 
invariant 
model (df = 
1156)
Metric 
invariant 
model (df 
= 1180)
p/Δ fit
Configural 
invariant 
model (df = 
1156)
Metric 
invariant 
model (df = 
1180)
p/Δ fit
χ2 3299.43 3376.55 .000 3268.86 3306.03 .052 3490.37 3516.84 .330 3429.04 3466.42 .040 3381.68 3402.08 .000
CFI .897 .893 -.004 .905 .904 -.001 .898 .897 -.001 .899 .898 -.001 .902 .900 -.002
TLI .894 .893 -.001 .896 .898 .002 .888 .891 .003 .890 .891 .001 .893 .893 .000
RMSEA .054 .054 .000 .054 .054 .000 .057 .056 -.001 .056 .056 .000 .055 .055 .000
SRMR .080 .082 .002 .055 .054 -.001 .056 .056 .000 .059 .060 .001 .062 .066 .004
Non-significant differences (p > .05) between the models are highlighted in bold
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The fit indices for the ten configural models indicate acceptable fit when 
compared with commonly cited indices in the hospitality and tourism literature, 
indicating configural invariance. Moreover, in the case of six out of ten models, the 
chi-square difference test was not significant between the configural and metric 
invariant models. This indicates metric invariance i.e. that the models are invariant 
across segments and can thus be used for conducting multiple-group comparison. 
However, the performance of the chi-square difference test is affected by large sample 
size, particularly for psychological research, in which case one can examine the 
differences in the other fit indices as evidence of measurement invariance. As can be 
seen in Table 4, for the moderators with significant differences in chi-square (gender, 
customer involvement, travel party composition, and previous experience with brand), 
there were no substantial differences between the other fit indices (CFI, TLI, 
RMSEA, and SRMR) across the configural and metric invariant models, with many 
indices remaining unchanged. This allowed us to conclude that there were no 
appreciable differences between the segments created by these four moderators, and 
to move to the next step of structural equation modeling. 
4.4.  SEM and pair-wise parameter comparisons
The authors used critical ratios for differences to determine whether any of 
structural parameters were significantly different between the segments created by the 
various moderators. The results of the structural equation modeling and subsequent 
pair-wise comparisons are presented in Table 5. Model fit statistics are presented in 
parentheses, below the specific moderator.
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Table 5
Structural equation modeling and pair-wise comparisons. 
Individual characteristics
Gender 
(CMIN/df =2.974; CFI = .900; TLI = .892; 
RMSEA = .056; SRMR = .054) 
Age
(CMIN/df =2.951; CFI = .900; TLI = 
.891; RMSEA = .056; SRMR = 
.059)
Income
(CMIN/df =2.935; CFI = 
.902; TLI = .893; RMSEA = 
.056; SRMR = .054)
Education
(CMIN/df =2.943; CFI = .901; 
TLI = .892; RMSEA = .056; 
SRMR = .051)
Travel personality
(CMIN/df =2.891; CFI = .897; TLI = .887; 
RMSEA = .055; SRMR = .064)
Structural pathsa Female Male
Z-Score (Pair-
wise 
comparison)
Millennials Older
Z-Score 
(Pair-wise 
comparison)
Higher 
income
Lower
income
Z-Score 
(Pair-wise 
comparison)
College 
degree
No 
college 
degree
Z-Score 
(Pair-wise 
comparison)
Allocentric Psychocentric
Z-Score 
(Pair-wise 
comparison)
Experience 
economy  
Extraordinary 
outcomes
1.21 .96 2.13 1.08 1.09 .11 1.04 1.13 .74 1.07 1.12 .30 1.22 1.00 -1.48
Extraordinary 
outcomes  
memorability
1.03 .94 1.07 .90 1.05 1.80 1.03 .95 -.92 .99 .97 -.28 .94 1.12 1.63
Memorability 
 
Behavioral 
intentions
.66 .72 -.91 .76 .67 -1.20 .62 .77 2.10 .68 .75 .84 .69 .68 -.22
Situational factors
Customer involvement
(CMIN/df =2.844; CFI = .901; TLI = .893; 
RMSEA = .054; SRMR = .062)
Length of stay
(CMIN/df =2.824; CFI = .904; TLI = 
.896; RMSEA = .054; SRMR = 
.056)
Price
(CMIN/df =3.016; CFI = 
.897; TLI = .890; RMSEA = 
.057; SRMR = .056)
Travel party composition
(CMIN/df =2.961; CFI = .898; 
TLI = .890; RMSEA = .056; 
SRMR = .059)
Previous experience with brand
(CMIN/df =2.889; CFI = .901; TLI = .893; 
RMSEA = .055; SRMR = .063)
Structural pathsa High involvement
Low 
involvement
Z-Score 
(Pair-wise 
comparison)
Longer stay Shorter stay
Z-Score (Pair-
wise 
comparison)
Higher 
price
Lower 
price
Z-Score 
(Pair-wise 
comparison)
With 
family
Without 
family
Z-Score 
(Pair-wise 
comparison)
More 
experience
Less 
experience
Z-Score (Pair-
wise 
comparison)
Experience 
economy  
Extraordinary 
outcomes
1.23 .94 -1.98 1.13 1.04 -.71 1.13 1.03 -.85 .94 1.10 1.36 1.09 1.09 -.01
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Extraordinary 
outcomes  
memorability
1.31 .38 -7.36 1.11 .88 -2.53 1.11 0.87 -2.78 1.06 .81 -2.69 1.04 .94 -1.04
Memorability 
 
Behavioral 
intentions
1.02 .69 -2.03 .86 .58 -3.75 .77 .65 -1.96 .97 .65 -2.88 .74 .57 -2.40
aAll estimates are significant at p < .001
Statistically significant differences (p < .05) highlighted in bold
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Of the five individual-characteristic moderators, only the models for gender 
and income demonstrated significant differences. In the case of the female group, the 
relationship between the second-order constructs of the experience economy and 
extraordinary outcomes was significantly higher than that in the male group i.e. if 
women experienced a higher level of the various dimensions of the experience 
economy, the more they perceived the experience as meaningful and contributing to 
their well-being. In terms of income, the relationship between memorability and 
behavioral intentions was stronger for those in the lower income group than those in 
the higher income group i.e. if those in the lower income group perceived the 
experience to be memorable, the higher their intentions to reuse and recommend the 
services of the brand. Thus, the findings of the present study support hypotheses 1b 
and 3b, while the authors did not find support for hypotheses 2b, 4b, and 5b. 
There were more and larger differences between the groups created by the 
various situational moderators. All five situational moderators resulted in significant 
differences between groups, thus confirming hypotheses 6b, 7b, 8b, 9b, and 10b. In 
terms of customer involvement, for those who were more involved, the relationship 
between the second-order constructs of the experience economy and extraordinary 
outcomes was significantly higher than for those who were less involved. The 
relationship between extraordinary outcomes and memorability was significantly 
different across four of the five situational moderators, except previous experience 
with the brand. The more involved customers, those who stayed for a longer duration, 
those who paid more per night for the accommodation, and those who traveled with 
family had more memorable experiences if they perceived the experience as more 
meaningful and contributing to their well-being. Finally, the relationship between 
memorability and behavioral intentions was significantly different across all the 
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groups created by the situational moderators. If customers who were more involved, 
those who stayed longer, paid a higher price, traveled with family, or had more 
previous experience with the brand perceived the experience to be memorable, the 
higher their intentions to reuse and recommend the services of the brand. 
5. Discussion
With competitors in the sharing economy emerging as a fast-growing 
substitute for traditional lodging, hotel brands are having to rethink their own 
experience provision to appeal to consumers across a variety of segments. In view of 
these developments, the present study sought to provide a systematic approach to 
examine the potential differences in experiential consumption in the accommodations 
industry. Building on Mody et al.’s (2017) study, the authors explored whether and 
how various consumer segments differ in their experience of the various dimensions 
of the accommodation experiencescape, and in the relationships established by the 
model of experiential consumption for the accommodations industry. The authors 
examined the moderating effects of ten peripheral factors that surround the core 
experience—five individual characteristics and five situational moderators. The 
results indicate that, overall, situational factors appear to have a greater impact on 
customers’ experiential consumption in the accommodations industry than customers’ 
individual characteristics. These findings are highly consistent with the work of 
Laesser and colleagues (Bieger & Laesser, 2000, 2002; Hyde & Laesser, 2009; 
Laesser & Crouch, 2006) that has emphasized the import of the situational approach 
to market segmentation, which does not focus on the person as the center of interest 
but on the characteristics of the travel situation. However, this does not mean that 
individual characteristics are less or not important. As demonstrated by Boztug, 
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Babakhani, Laesser, and Dolnicar (2015) in their study that defined and empirically 
assessed the existence of the hybrid tourist, the more stable individual characteristics 
have significant value in predicting the hybridity caused by the situational 
moderators. In fact, the results of the present study echo Dolnicar & Laesser's (2007) 
call for taking a dynamic situational perspective to market segmentation, combining 
characteristics of travelers with characteristics of trips. This is particularly important 
in the context of the modern traveler, whose characteristics, needs, and behaviors are 
dynamically evolving in light of Airbnb and the sharing economy. 
The findings of the present study have important theoretical implications for 
experience-related research in hospitality and tourism and practical implications for 
the hotel industry.
5.1.  Theoretical contribution   
The study’s key theoretical contribution lies in its re-conceptualization and 
operationalization of Walls et al.'s (2011a) framework of hospitality and tourism 
experiences. Using Mody et al.’s (2017) model of experiential consumption in the 
accommodations industry as the core experience, and incorporating a host of 
individual and situational moderators as the peripheral aspect of the experience, as 
outlined by Walls et al. (2011a), the present study addressed Uysal et al.'s (2016) call 
for the need to examine factors that moderate the nature of experiential consumption 
and its relationship to other experiential outcomes. Figure 3 provides a visual 
representation of the theoretical approach and contribution of the present study to 
experiential research in hospitality and tourism. The core-periphery framework of the 
hospitality consumption experience provides a relevant theoretical lens for future 
research into the different sectors and types of experiences within the hospitality and 
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tourism industry.  
Fig. 3.  Core-periphery framework of the hospitality consumption experience 
The core-periphery framework addresses three specific deficiencies in existing 
research on experiential consumption in hospitality and tourism. First, while the need 
for more sophisticated models of experiential consumption has been recognized, 
much research on this issue has been conceptual (Tung & Ritchie, 2011; Walls et al., 
2011a) or exploratory (Walls et al., 2011b). The core-periphery framework addresses 
this deficiency through a large sample-based, confirmatory approach that builds on 
existing models and frameworks. Second, much research operationalizes overall 
experience quality as a unidimensional construct in larger models that focus on 
experiential outcomes (see, for example, Chen & Chen, 2010; Xu & Chan, 2010). 
This does not provide for a nuanced understanding of the relationship between the 
various dimensions of the experience and resultant outcomes. In this regard, the core-
periphery framework emphasizes the need for brand experiences in the 
accommodations industry to be built on the concept of the dialectical context of the 
various dimensions (Zhang et al., 2008). Alternatively, research that does delve into 
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the various dimensions of experience, particularly in the context of the 
accommodations industry, fails to incorporate important experiential outcomes (see, 
for example, Knutson et al., 2008; Ren et al., 2016). In this regard, the core-periphery 
framework is comprehensive in its examination of the relationships between the 
nature of experiential consumption and resultant outcomes. Third, given the relatively 
recent emergence of the sharing economy as a significant component of the 
accommodations industry, there is little research on the phenomenon, particularly in 
terms of the guest experience (Wiles & Crawford, 2017). The core-periphery 
framework thus makes a valuable contribution to a more informed, evidence-based 
assessment of the sharing economy in an era of network hospitality (Dredge & 
Gyimóthy, 2015). 
5.2.  Practical implications
Through its examination of the segmentation effects of individual 
characteristics and situational factors on the nature and dynamics of experiential 
consumption in the accommodations industry, the present study also illuminates the 
mechanisms for a brand’s strategic experience design initiatives, from the standpoint 
of product development and marketing communications. First, the findings pertaining 
to the accommodation experiencescape and the overall model of experiential 
consumption urge experience designers to appreciate the role of accommodation as a 
platform for customers to explore the larger destination, given the intricate linkages 
between the various elements of customers’ travel experiences. Contemporary 
marketing practitioners have adopted such a holistic paradigm in the form of content 
marketing. The idea behind content marketing is to create and distribute “valuable, 
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relevant, and consistent content” to the target market to drive profitable customer 
action (“What is Content Marketing?,” n.d.). Thus, in designing and marketing their 
experiences, hotel companies must shift their focus from a delivery-focused paradigm 
that emphasizes product and service quality (Oh, Fiore, & Jeoung, 2007) to a content 
marketing paradigm that emphasizes hotel products and services as the stage and the 
props for creating holistic, relevant, and memorable guest experiences. 
However, the present study’s addition of the peripheral elements to the core 
experience—the accommodation experience and the model of experiential 
consumption—emphasizes the need for the different segments of customers to be 
marketed to differently within the broader content marketing paradigm. Women 
experienced the various dimensions of the experience economy to a lesser degree than 
men, specifically the sense of communitas. However, the relationship between the 
accommodation experiencescape and extraordinary outcomes was higher for women 
than for men, indicating that hotels stand to gain from enhancing the experiences of 
their female consumers. While product development initiatives, such as Virgin 
Hotels’ female-friendly rooms can play an important role in this process, hotels must 
not ignore the marketing communication possibilities of their experience provision. 
That the Millennials experienced many of the dimensions of the experience economy 
to a lesser degree than older customers points to two implications; that Millennials are 
much harder to please, and/or despite the clamor for the millennial traveler, 
accommodation providers have not yet mastered the art of marketing to this segment 
(Kressmann, 2015). Moreover, some evidence suggests that the differences between 
Millennial and non-Millennial travelers are often overstated, which causes providers 
to stereotype and fault in their experience provision (Ting, 2016c). Thus, while 
debunking myth from fact in the case of the Millennials remains challenging, the 
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importance of a data-driven approach that facilitates personalization, and engaging 
Millennials with authentic, topical content where they can participate in its creation 
and distribution (fundamental tenets of content marketing) are strategies that have 
been shown to be effective (Oates, 2014a). 
That there were more and larger differences between the groups created by the 
situational moderators (all hypotheses pertaining to situational moderators were 
supported) points to the need for brands to assign greater weights to these factors in 
their segmentation algorithms. Of the situational factors, the role of customer 
involvement cannot be emphasized. This was the only moderator for which every 
difference between the two groups (means and structural paths) was significant. 
While Pine and Gilmore’s (1998) original conceptualization of the experience 
economy incorporated the level of customer involvement, its importance is only 
heightened within the contemporary paradigm of content marketing. First, creating 
fresh, authentic, and engaging content that is relevant and meaningful to the target 
customer can enhance the level of importance that a customer attributes to the brand 
experience and can generate enthusiasm and interest towards the brand (Hosany & 
Witham, 2010). For example, Marriott launched its Content Studio to produce and 
own original content that uses storytelling and entertainment to involve the next 
generation traveler into the Marriott brand. A second strategy that brands can use to 
enhance customer involvement is crowdsourcing to increase two-way dialogue with 
the customer (Oates, 2014b). For example, as part of its Travel Brilliantly initiative, 
Marriott is allowing customers to co-create innovations that enhance the hotel 
experience. In just its first iteration, over 700 ideas were submitted by readers in 
categories ranging from tech to wellness (Oates, 2014b), creating a level of 
engagement that is difficult to achieve via traditional marketing mechanisms. Third, 
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hotel brands must explore creative ways to incorporate user-generated content into 
their content marketing efforts, and leverage the power of influencers, as with Moxy 
Hotels’ YouTube series “Do Not Disturb” that features bold, edgy programming 
intended to engage its target customer at a more personal level (Oates, 2015). 
6. Limitations, future research and conclusion
It is important to highlight the limitations of the present study and indicate 
avenues for future research. First, while theoretical invariance established by Mody et 
al. (2017) allowed us to combine samples and examine the accommodations industry 
holistically, future research can collect larger samples that allows for the effects of the 
peripheral factors to be tested between these different components of the 
accommodations industry: the traditional lodging industry and the sharing economy. 
Such research would illuminate important practical implications in the context of a 
rapidly changing business environment. Second, since the core-periphery framework 
builds on Mody et al.’s (2017) study, the model that comprises the core experience 
does not include other factors that might influence the nature and dynamics of 
experiential consumption in the accommodations industry. For example, a dimension 
such as hospitableness has been suggested to play an important role in creating 
memorable experiences (Mody, Suess, & Lehto, 2018), and could potentially be 
included in the accommodation experiencescape. Similarly, other constructs such as 
those pertaining to emotions (Loureiro, 2014) and perceived value (Chen & Chen, 
2010) have been included in experience-related research, and can thus be incorporated 
into future models of experiential consumption that build on Mody et al.’s (2017) 
work. 
Third, while the study examined the influence of several critical individual 
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and situational factors, there remains the potential to expand the core-periphery 
framework by exploring the effects of other moderators from hospitality and tourism 
research, particularly experience-related research. Examples of such moderators 
include customer motivations (Prebensen, Woo, & Uysal, 2014), and cultural distance 
(in the case of international travel in particular) (Uysal et al., 2016), among others. 
Such inclusion would provide a more holistic understanding of experiential 
consumption in the accommodations industry, in the context of the sharing economy. 
Fourth, our analysis of the various moderators, while comprehensive and rigorous, 
does not necessarily isolate the most compelling and/or important segmentation 
variables. Future research can use alternative, more insightful methodological 
approaches to market segmentation—such as Boztug et al.’s (2015) innovative 
combination of cluster analysis and binary logistic regression to assess the impact of 
individual characteristics on situationally moderated segments—to examine the 
interdependencies between segmentation criteria and the efficacy of the resulting 
segments. Finally, the efficacy of situational factors as customer segmentation 
variables, together with similar findings from a host-based perspective (Karlsson, 
Kemperman, & Dolnicar, 2017), alludes to the potential for future research that 
illuminates the dynamics of host-guest psychographic matching, an idea whose 
foundations lie in the literature on home-hosted accommodation (Hardy & Dolnicar, 
2018; Tucker & Lynch, 2005).
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Appendix A
Measurement of individual characteristics and situational factors.
Moderator Categories Process for creating dummy variable Dummy variable
Individual characteristics
Gender Female, Male 1 = Female; 0 = Male
Age 18-25 years, 26-34 years, 35-54 years, 55-64 years, 65 and 
older 
Pew Research Center 
defines a Millennial as 
someone between 18 and 34 
years. The first two and 
subsequent three response 
categories were thus 
combined.
1 = Millennials; 0 = Older 
(Pew Research)
Income Less than $15,000, $15,000 - less than $30,000, $30,000 - 
less than $45,000, $45,000 - less than $60,000, $60,000 - 
less than $75,000, $75,000 - less than $90,000, More than 
$90,000 
Median income of middle-
class households in the U.S. 
is estimated at $73,000 
(Pew Research Center). The 
first five and subsequent 
two response categories 
were thus combined.
1 = Higher Income; 0 = 
Lower Income (Pew 
Research)
Education Grade school, High school, Some college, College, 
Graduate school
College and Graduate 
School categories combined 
to represent “at least” 
1 = College Degree; 0 = No 
Degree
48
college level education.
Travel personality Respondents were asked to rate eleven items based on 
Plog’s (2001) psychographic model (1 = Strongly Disagree 
to 7 = Strongly Agree)
Median split of mean score 
on eleven measures of 
travel personality
1 = Allocentric; 0 = 
Psychocentric
Situational factors
Customer 
involvement
Respondents were asked to rate four items derived from 
Kim et al. (2010) and Prendergast et al. (2010) (1 = 
Strongly Disagree to 7 = Strongly Agree)
Median split of mean score 
on four items measuring 
customer involvement
1 = High Involvement; 0 = 
Low Involvement 
Length of stay Number of nights stayed at hotel/Airbnb (open-ended 
question)
Median split of responses 1 = Longer Stay (3 or more 
nights); 0 = Shorter Stay (1-
2 nights) 
Price Amount per night paid for accommodation (open-ended 
question)
Median split of responses 1 = Higher Price ($130 or 
more); 0 = Lower Price 
(less than $130)
Travel party 
Composition
Family with children under 12 years, Family with children 
in several age groups, Spouse/Partner, Friends, Alone, 
Others (multiple choice)
First two categories 
combined to represent travel 
“With Family”.
 
1 = With Family; 0 = 
Without Family
Previous 
experience with 
brand
Number of times stayed with hotel brand/Airbnb in the last 
3 years (open-ended question)
Median split of responses 1 = More Experience (4 or 
more times); 0 = Less 
Experience (1-3 times)
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